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INTRODUCTION

The likefihood of patients with binge eating disorder (BED) becoming obese This study simed to test 3 predictive model for BED, using machine learning (ML)
increases by 6-7 times compared to the goneral population®. Additionally, BED technigues.?
can lead to difficulties in regulating glucose levels accounting for roughly 30% of Both static and dynamic ghucose metabolism indices were used

all cases of type 2 Giabetes’. Timely identification and comprehensive treatment
of BED can madify the disorder's course and reduce the likelihood of associated
health issucs.

RESULTS

Variables related to anthrapometric and metabelic
features were selected as predictors (Fig.1) .

Figure 2.4 illustrates the relative importance of the
15 variables most frequently selected during the
150 training/validation repetitions.
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METHOD CONCLUSIONS

For this study, 144 patients with obesity and no diabetes based on a S-hour
long oral glucose test were enrolled and assessed for BED using dinical and
psychometric methods. The study incorporated multiple anthropometric and
glucose metabalism variables into a ML model (Fig. 1). The ML algorithems
employed a k-fold approach (150 repetitions, with 75% for training and 25%
for validation) to identify the variables of interest. The final model was
trained on the entire dataset of 144 patients (as shown in Fig. 2 A-C), and
subsequently, seven more patients with obesity were enrolled for testing

This study represents the first instance of ML in the identification of
metabolic vanables able to detect BED amang patients accessng weight
reduction programs at high risk of metabolic complications. These findings
have implications for the potential use of artificial intelligence models in non-
psychiatric contexts to identify and refor patients with BED among thase with
ohesity for multidisciplinary treatment

Purposes.
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